Discovering cancer pathways

by inferring combinatorial association logic
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/ ;ﬂ Summary \

In this study, 43 tumors that were induced by retroviral insertional mutagenesis are expres-

L L L %1 A 0 sion profiled, resulting in a dataset for which both the initiating events (the viral integration
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/ V/\\ tential parallel alternatives (‘exclusive-or’ gates) as well as the potential cooperation be-
\ activation tween mutations (‘and’ gates).
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/ Observation 1 - limited number of networks \
—>» Due to the risk of overtraining, only small networks are considered / ENSMUSG00000069257 \
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